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1. EJIb OCBOEHMA JUCIIUITJIMHbI

Hucuummuaa «O0paboTKa €CTECTBEHHOTO $I3bIKa» BXOJIUT B IMPOTPaMMy MarucTpaTypbl
«SI3BIK M KyIbTypa: TEOpUs U MpakTUKa» 1o HanpasiaeHuto 45.04.01 «Dunonorus» u uzydaercs B
3 cemectpe 2 kypca. [ucumnnmny peanusyer Kadenpa pycckoro s3plka M METOIUKU €ro
npenofaBaHus. JucuuruinHa cocTouT M3 4 pa3fenoB W 26 TeM W HalpaBieHa HAa H3y4YeHHE
MIOJIHOTO IMKJIA aHajdu3a TEKCTa: OT YCTAHOBKHU Cpelbl U pa0dOThl C TEKCTOBBIMU KOPIyCaMH [0
METOJIOB Mpeo0padOTKU TEKCTa, MOP(OIOrHuecKOro aHallu3a, MOCTPOCHHUS A3bIKOBBIX MOJEIEH.

[lenpo OCBOSHUS MUCIUIUIMHEI SBIISETCS (OPMUPOBAHHUE y CTYJAEHTOB 0a30BBIX HABBIKOB
0o0pa0OTKM W aHajdM3a TEKCTOB HA ECTECTBEHHOM S3bIKE C HCIOJIb30BAaHUEM COBPEMEHHBIX
OMOMMOTEK W WHCTPYMEHTOB; |yMEHHE BBINONHITH OCHOBHBIC JTambl OOpabOTKH TEKCTa:
pe100paboTKy, H3BJICUEHUE JIMHIBUCTHUECKUX IPU3HAKOB, BEKTOPH3ALUIO TEKCTa, a TaKkKe
MPUMEHSITh POCTHIC MOJICTHU KiIacCUu(DUKAIMK U aHAIN3a TOHATBHOCTH.

2. TPEBOBAHMUS K PE3YJIBTATAM OCBOEHMUSA JUCHUIIVIMHbI

OcBoenune  aucuumuHbl  «OOpabOTKa  €CTECTBEHHOIO  s3bIKa»  HANpaBJICHO Ha
(dopmupoBaHue y 00yJaroIuXcs CIEAYIOUIMX KOMIIETeHIUH (YacTH KOMITETeHIIUH]):

Tabnuya 2.1. Ilepeuenv komnemenyuil, Gopmupyemvix y 00yHarOWuxcs npu 0C80eHuu
OUCYUNTUHDBL (Pe3YIbMaAmbl 0C80EHUS OUCYUNTUHDL)

HNHankaTopsl J0CTHKEHHS] KOMIETEHIINT

Hugp Komnerenuus o
(B pamMKax JaHHOW IHUCIUILIIHEI)

CriocoOeH: HCKaTh HyKHEIC
HUCTOYHHUKH MHPOPMAIIUH U
JIaHHbIE, BOCIIPUHUMATb,
aHAIM3UPOBATh, 3alIOMUHAThH U
nepeaaBaTh HHOOPMAIIHIO C
UCIIOJIb30BaHHEM LIU(PPOBBIX
CpeacTB, a Takke ¢ nomoiiplo | YK-7.1 D dekTuBHO HILET U UCHOoNb3yeT HHYOPMALUIO, TIPUMEHSISI

aJTOPUTMOB MU paboTe ¢ U(GPOBBIE CPEICTBA U aJITOPUTMBI paOOTHI C JJAHHBIMU U3
MOJTyYCHHBIMH U3 PA3JIHYHBIX  |Pa3NUYHBIX HCTOUHUKOB;
WMCTOYHUKOB JaHHBIMHU ¢ Ilenbio | YK-7.2 Mcnonb3yeT npeaBapuTeabHO MIPOBEPEHHBIC Ha
3¢ PEKTUBHOTO UCTIOIBb30BAHUS  |JOCTOBEPHOCTH JaHHBIE U MH(MOPMAIHIO JIJIsl IOCTPOSHHUS
MTOYYCHHOW MHPOPMALINH [UTST | YMO3aKIIFOUCHUIA;
pelLIeHus 3a/1a4; NPOBOIUTh
OIICHKY WH(pOpMAIINH, ee
JIOCTOBEPHOCTh, CTPOUTH
JIOTUYECKUE YMO3AKIIOUEHUS HA
OCHOBaHMH HOCTYMAIOIINX
nH(poOpMalNK U TAaHHBIX.

YK-7

Crnoco6eH UCIonb30BaTh B
podeCcCHOHANBLHOM, B TOM YHCIIE
MIe1arOTMYEeCKOH, NeSTeTFHOCTH
3HaHUsI COBPEMEHHON HAYYHOU

mapagurMel B 00JacTu OIIK-2.1 KoppeKTHO MPUMEHSET Pa3IMYHbIe METO/IbI HAYYHO-
(uIoI0TNY N TUHAMUKH € HCCIeI0BaTebCKON paboThI;
pa3sBUTHS, CUCTEMBI
METO0NOTNYECKUX PUHIUIIOB U
METOJUYECKUX IPUEMOB
(PHIIOIOTMYECKOT0 UCCIIEIOBAHMS;

OIIK-2

Bna,ueeT HaBbIKaMH

CaMOCTOSTENLHOTO HCCIIETOBAHUS
[TK-2.1 YMmeeT pemate uccieoBaTeNbCKUe 3a/1a4u B 00JIaCTH
CHUCTCMEI SI3bIKA B

IK-2 CHHXPOHHMYECKOTO aHAJIN3a CUCTEMBI SI3bIKA, PEYEBBIX

CUHXPOHUYCCKOM U o
MMPONU3BEACHUHN U AKTOB KOMMYHHUKAIIUN,
JAUAXPOHUYCCKOM aCIICKTax,

M3Y4€HHUs] YCTHOM, MUCbMEHHOU U




HIugp

Komnerennus

HNHanKaTopsl 10CTHKEHNS KOMIETEHIINT
(B paMKax JaHHOUW TUCUUTUIMHBI)

BUPTYaJIbHON KOMMYHUKAIIUH C
U3JI0KCHUEM
apryMEHTHPOBAHHBIX BBIBOJIOB

3. MECTO JUCIMIIJIMHBI B CTPYKTYPE OII BO

HucuuruimHa «O0paboTKa eCTEeCTBEHHOTO sA3bIKa» OTHOCHUTCS K 00s3aTenbHOI yacTu Oioka
1 «/Jucummnuasl (MOTysIH )» 00pa30BaTENbHOM MPOrpaMMbI BHICIIET0 00pa30BaHUs.

B pamkax oOpa3oBarenbHOM HpOrpaMMbl BbICHIETO OOpa30BaHUS OOYdYaIOIIMECs TaKKe

OCBauBarOT

OPYTUe  JTUCIUTIIUHBI

W/WTW  TIPAKTHKH,

CIOCOOCTBYIOIINE

JOCTUXKCHHUIO

3aIlJTaHUPOBAHHBIX PE3YJIbTATOB OCBOCHUA JUCHUIIIIMHBI «O6pa60TKa C€CTCCTBCHHOTI'O A3bIKa».

Tabnuya 3.1. Ilepeuenv komnonenmos OI1 BO, cnocobcmeyrowux O00CmMudiceHur
3ANIAHUPOBAHHBIX PE3YIbMAMOo8 0C80EHUS OUCYUNTIUHBL
HpenpmecrBylomue Hocaenywomue
HaumeHnoBanue
Hn HCHMILINHBI/MOAY U HCHMILINHBI/MOAY U
bp KOMIETeHIUU et *Hy ’ ane *Hy ’
NPAKTHKH MPAKTHKH
Crnoco0eH: HCKaTh HY)KHBIE
HUCTOYHHUKH MH(POPMAIMH 1
JaHHbIC, BOCIIDpUHUMATD,
aHaJIM3UPOBATh, 3aA[IOMHUHATH
U TiepenaBaTh HHGOPMAIIUIO
C UCTIOJIb30BaHUEM
IU(POBBIX CPEACTB, a TAKKE
C TIOMOIIBIO ATOPUTMOB Information Technologies in Methods of Linguistic
npu paboTe ¢ MOTyICHHBIMU Language Studies; Analvsis*:
U3 Pa3IMYHBIX HCTOYHHUKOB Multimodal Communication; Sour%:/ing a}]d Referencing**:
VYK-7 JTAHHBIMU C LETBIO Language of Art; Scientific and Research !
3 PEeKTUBHOTO Academic Research Databases; Training;
HCIIOJIb30BAHUS TIOTy4YSHHON Research Work; !
HHQOPMALUH [T PELICHUS
3aJa4; MPpOBOANUTH OLICHKY
nHpOpMaLNH, ee
JIOCTOBEPHOCTD, CTPOUTH
JIOTHYCCKUE
YMO3aKJIFOUEHHS Ha
OCHOBaHHU TOCTYMAOIIIX
uH(pOpPMAIINY U TAaHHBIX.
Crnioco0eH HCIoNb30BaTh B
npodeccroHaNbHOM, B TOM
pod . Research Work;
YHCIIe TearornaecKon, RN
General Linguistics;
JIeSATEIbHOCTH 3HAHUS
. . Theory of Intercultural
COBPEMECHHOU HAYYHOU Communication'
mapajurMel B 001acTH . o Scientific and Research
Planning a Research Project; -
OIIK-2 (umoToruM ¥ AMHAMUKY € . .= | Training;
ASBITIS. CHOTEMbI Theory and History of Linguistics;
I;IeTO Om’mqecmx Multimodal Communication;
A Philology in the System of Modern
NIPUHLIMIIOB U S
Humanities;
METO/IUYECKHX [TPUEMOB
¢unonornyeckoro
UCCIIe/IOBAHUS,
Brnaneer HaBbIKaMu Research Work;
CaMOCTOSITETILHOTO Theory of Intercultural Scientific and Research
TIK-2 HCCIIEOBAHUS CUCTEMBI Communication; Training;

sA3bIKa B CHHXPOHHUYECKOM 1
JUAXPOHUYCCKOM aACIICKTaXx,

Linguistic Pragmatics**;
Theory of Politeness**;




IIpenmecrByromue Hocaenywomue
HaunmenoBanue pea YOI AyTom
HIudgp JUCIUTITHHBI/ MOTYJIH, JUCIUTITHHBI/MOTYJIH,
KoMuereniim NMpPAKTHKH* NpPaKTHKH*

W3Y4EHHUs YCTHOH,
NIUCBMEHHOW U BUPTYaJlbHON
KOMMYHUKAIINH C
U3JI0KCHUEM
apryMEHTHPOBAaHHBIX
BBIBOJIOB

General Linguistics;
Multimodal Communication;

* - 3aMoJIHAETCS B COOTBETCTBUM ¢ MaTpHueil komnereniuid u CYII OI1 BO
** - 3JIeKTUBHBIE AUCIUIUIUHBI /TIPAKTHKH




4. OFbEM JUCHUILIVNHBI U BUJIbI YYEBHOM PABOTHI

OOm1ast TPyA0EMKOCTh AUCHUTLTUHBI «O0paboTKa €CTECTBEHHOTO SI3bIKa» COCTABIISIET «3% 3a4CTHBIC AMHUIIBL.
Tabnuya 4.1. Buowl yuebHOU pabomuvl no nepuooam 0cC80eHUsi 0OpA308amMenbHOlU NPOSPAMMbL BblCUEe20 00paA308aHUst Olsl OYHOU (HOopMbl
0OyueHusl.

Buja yueOHoii padoThl BCETIO, ak.u. CeMecBT pCED)
Koumaxmmnas paboma, ax.u. 34 34
Jlexrun (JIK) 17 17
Jlabopartopusie pabotsl (JIP) 0 0
IMpaktryeckue/cemunapckue 3ansatus (C3) 17 17
Camocmosmenvras paboma 00y4arOWuxcs, ax.u. 65 65
Koumponw (ax3amen/3auem c oyenkoil), ax.u. 9 9
OO01asi TPYI0E€MKOCTh THCHHILTHHBI aK.4. 108 108
3a4.e/1. 3 3




5. COAEPKAHUE JTUCIUIIJIMHbI

Tabauya 5.1. Codepoicanue oucyuniunvl (MoOYas) no 8U0am y4eonol pabomoi

Homep HaumenoBanmue pazaesna Bian .
HaunmeHnoBanue TeMbl Copep:xaHue TeMbl yueOHoit
pasaeia JTUCHHNJIMHBI -
padoThl
11 Introduction to NLP Definition of natural language processing, major applications, basic K
terms, examples of NLP tasks in real- world products
12 |NLP Environment Setup In§tgllat|on.of Python, Jupyte_r Notepook, NLTK, spaCy, pandas, 3
scikit-learn; first text processing script
o 13 |Language Data and Corpora Types of text dz_:lta, corpora, annotation, structured and unstructured K
Paszen 1 Natural language processing: text, common file formats
tools 14 |Working with Text Data !_oadln_g text§ from files, reading CSV and TXT data, corpus 3
inspection with pandas
15 Python Tools for NLP Overview of Ilprarles for pe_:glnner- level NLP, role of tokenizers, K
taggers, vectorizers, classifiers
. S Basic operations in NLTK and spaCy: tokenization, sentence
16 Exploring NLP Libraries splitting, linguistic pipeline overview c3
21 Text Representation I: Bag-of-Words and TF- | Document-term matrix, frequency- based representation, sparsity, K
' IDF weighting schemes
. 2.2 |Vectorization Practice Creating Bag-of-Words and TF-IDF matrices with scikit-learn C3
Text Representation and - — - —
Paznen 2 Vectorization 23 Text Representation Distributed representation of words, semantic similarity, K
' I1: Word Embeddings introduction to Word2Vec and GloVe
24 Embedding Exploration Loadlng pretrained embeddings, measuring word similarity, simple 3
semantic analogy tasks
31  |Text Classification Supe(wsed learning for text, training data, class labels, common K
algorithms
39 First Text Classifier Bulld_lpg a Naive Bayes classifier for spam detection or sentiment 3
N . classification
Classification, Evaluation, Train/test split, validation, accuracy, precision, recall, F1-score
Pazpen 3 |and 3.3 Evaluation of NLP Models fusi plit, ! Y. P ' ’ ' JIK
Sentiment Analysis - - contusion matrix — - -
3.4  |Evaluation Metrics Lab Evaluating a classifier and interpreting common error patterns C3
35  |Sentiment Analysis Polarity, subjectivity, lexicon-based and machine-learning K
approaches
3.6  |Sentiment Analysis Mini-Lab Classifying review texts or social media posts by sentiment C3
Advanced NLP, Neural 41 |Named Entity Recognition Names_, locations, organizations, dates; role of NER in information K
Pasnen 4 |Models, extraction
and Ethics 4.2 |NER with spaCy Running pretrained NER models, checking entity spans, modifying C3




Bun

Homep HaumenoBanmue pasgeia .
HaumMmeHoBaHHue TeMbl Coz[epma}me TEMBbI yqeﬁﬂon
pasaeia TUCIHUIIITHHBI .
padoThI
entity labels in examples
4.3  |Topic Modeling Introduction to document themes, latent topics, basic idea of LDA JIK
44 |Topic Modeling Practice R_unr_ung_ LDA on a small corpus and interpreting topic-word 3
distributions
Neural networks for language tasks, embeddings in neural models,
45 |Neural NLP RNN and LSTM overview JIK
46 Neural Model Demo Using a simple neural text classifier with pretrained tools or 3
notebooks
4.7 | Transformers and Pretrained Language Models Atten_tlon mechanism, Transformer architecture, BERT, transfer K
learning for NLP
48 |Transformer Practice Using a pretrained transformer for text classification or question 3
answering
49 Ethics, Bias, and Safety in NLP Bias in datasets and. models, privacy, fairness, responsible use of K
language technologies
410 |Mini-Project and Error Analysis Short project on a beginner NLP task, model testing, result 3

interpretation, presentation of findings

* - 3anonusetcs Toiabko mo OUHOW dopme odyuenus: JIK — nexyuu, JIP — nabopamopusie pabomul; C3 — npakmuueckue/ceMunapcrue 3aHsamusl.




6. MATEPUAJIBHO-TEXHUYECKOE OBECIIEYEHUME JJUCHUIIJINHBI

Tabnuya 6.1. MamepuaneHo-mexnuueckoe obecneuerue OUCYUNIUHbL

Cneuuajau3upoBaHHoOe
yueOHoe/1a00paTopHoe
obopynoBanme, I1O u
MaTepuabl 1J1s1 0CBOCHHSA
AUCHUTLTAHBI
(mpu HEOOXOTUMOCTH)

Tun aynuropun OcHaleHue ayauTopun

Ayauropus IS IPOBEICHUS 3aHATHI
JIEKIMOHHOTO TUIIa, OCHAILIIEHHAs
JleximonHast KOMIUICKTOM CIEIUATM3UPOBAHHON MEOeIH;
JIOCKOH (9KpaHOM) U TEXHHYECKUMU
CpeJICTBAMU MYJIbTHMEINA TPE3CHTAIIHN.

AyauTopus Juisl IpOBEICHUS 3aHATUI
CEMHUHAPCKOT0 TUIIA, TPYIIOBBIX U
VMHJIMBU1yaJIbHBIX KOHCYJIBTALIMM, TEKYILErO
KOHTPOJISI U IPOMEKYTOUHOM aTTEeCTallUH,

CemuHapckas
OCHAILIEHHAs] KOMIUIEKTOM
CHeIUaIu3UPOBAHHON MeOen U
TEXHUYECKUMH CPEJICTBAMU MYJIbTUMEINA
IIPE3CHTALNMN.
Aynuropus Ui CaMOCTOSITEIbHON pabOThI
Tins o0yJaromuxcs (MOXKeT UCTIONb30BATHCS IS
. | IpOBeIEHNs CEMUHAPCKUX 3aHATUN U

CaMOCTOSITEJIbHOU 9

KOHCYJIbTaIMi1), OCHALIIEHHAs! KOMIIEKTOM
paboTsl

CreLMaIU3UpOBaHHON Mebenu 1
KoMibroTepami ¢ gocrynoM B SUOC.

* - ayIUTOpHS JJIsL CAMOCTOSTENbHOM paboThl obyuaromuxcs ykassiaercs OBA3ATEJIBHO!

7.  YYEBHO-METOJAMYECKOE W HWH®OPMAIIMOHHOE OBECNEYEHME
JTACHMIUINHBI

Ocnoenas numepamypa:

1. Madnani, N. (2007). Getting Started on Natural Language Processing with Python.
XRDS:
Crossroads, The ACM Magazine for Students, 13(4), 5 DOI: 10.1145/1315325.1315330 Link:
https://doi.org/10.1145/1315325.1315330

2. Bird, S., Klein, E., & Loper, E. (2009). Natural Language Processing with Python.
O’Reilly
Media. DOI: 10.5555/1717171 Link: https://dl.acm.org/doi/10.5555/1717171

- Goldberg, Y. (2016). A Primer on Neural Network Models for Natural Language

Processing. Journal of Artificial Intelligence Research, 57, 345-420. DOI: 10.1613/jair.4992
Link:
https://doi.org/10.1613/jair.4992
Jlonoanumenvuasn aumepamypa:

1. Cambria, E., & White, B. (2014). Jumping NLP Curves: A Review of Natural
Language
Processing Research. IEEE Computational Intelligence Magazine, 9(2), 48-57. DOI:
10.1109/MCI.2014.2307227 Link: https://doi.org/10.1109/MCI.2014.2307227

2.Young, T., Hazarika, D., Poria, S., & Cambria, E. (2018). Recent Trends in Deep




Learning
Based Natural Language Processing. IEEE Computational Intelligence Magazine, 13(3), 55-75.
DOI: 10.1109/MCI.2018.2840738 Link: https://doi.org/10.1109/MC1.2018.2840738

- Blei, D. M., Ng, A. Y., & Jordan, M. I. (2003). Latent Dirichlet Allocation.
Journal of
Machine Learning Research, 3, 993-1022. DOI: 10.1162/jmlIr.2003.3.4-5.993 Link:
https://doi.org/10.1162/jmlr.2003.3.4-5.993

- Pennington, J., Socher, R., & Manning, C. D. (2014). GloVe: Global Vectors for
Word
Representation. Proceedings of EMNLP 2014, 1532-1543. DOI: 10.3115/v1/D14-1162 Link:
https://doi.org/10.3115/v1/D14-1162

- Sutskever, 1., Vinyals, O., & Le, Q. V. (2014). Sequence to Sequence Learning
with Neural
Ne t works . AdvancesinNeurallnformationP rocessingSystems?27.D Ol :
10.5555/2969033.2969173 Link: https://dl.acm.org/doi/10.5555/2969033.2969173

- Vaswani, A., Shazeer, N., Parmar, N., Uszkoreit, J., Jones, L., Gomez, A. N.,
Kaiser, L., &

Polosukhin, 1.(2017). Attention Is All You Need. DOI: 10.48550/arXiv.1706.03762 Link:
https://doi.org/10.48550/arXiv.1706.03762

- Devlin, J., Chang, M.-W., Lee, K., & Toutanova, K. (2019). BERT: Pre-training
of Deep
Bidirectional Transformers for Language Understanding. Proceedings of NAACL-HLT 2019,
4171-4186. DOI: 10.18653/v1/N19-1423 Link: https://doi.org/10.18653/v1/N19-1423

- Bender, E. M., Gebru, T., McMillan-Major, A., & Shmitchell, S. (2021). On the
Dangers of
Stochastic Parrots: Can Language Models Be Too Big? Proceedings of the 2021 ACM
Conference
on Fairness, Accountability, and Transparency, 610-623. DOI: 10.1145/3442188.3445922 Link:
https://doi.org/10.1145/3442188.3445922

- Khurana, D., Koli, A., Khatter, K., & Singh, S. (2023). Natural language
processing: state of
the art, current trends and challenges. Multimedia Tools and Applications, 82(3), 3713-3744.
DOIl:
10.1007/s11042-022-13428-4 Link: https://doi.org/10.1007/s11042-022-13428-4
Pecypcovr unghopmayuonno-menekommynuxayuonuou cemu « Mumepremy»:

1. 9bC PY1H u croponnne ObC, Kk KOTOPBIM CTYI€HThl YHUBEPCUTETA UMEIOT JOCTYII
Ha OCHOBAHWH 3aKIIFOYCHHBIX TOTOBOPOB

- DnexkTpoHHO-6ubmoTeunas cuctema PY/IH — 9bC PYIH
https://mega.rudn.ru/MegaPro/Web

- OBC «YHuBepcurerckas Oubauorexa onnain» http://www.biblioclub.ru

- OBC «Opaiit» http://www.biblio-online.ru

- OBC «KoncynbTaHT cTyfeHTa» www.studentlibrary.ru

- OBC «3nannym» https://znanium.ru/

2. bazsl JAHHBIX U ITIONCKOBBIEC CUCTEMbI

- Sage https://journals.sagepub.com/

- Springer Nature Link https://link.springer.com/

- Wiley Journal Database https://onlinelibrary.wiley.com/

- Hayxometpuueckas 6a3a nanusix Lens.org https://www.lens.org
Yuebno-memoouueckue mamepuanvt 0 camocmoamenbHou pabomol 0OYUAOWUXCS NPU
0C80eHUU OUCYUNTUHBL/MOOVIA™:

1. Kypc nexuuit no qucuuminie «O6paboTka eCTEeCTBEHHOTO S3bIKa.



* - Bce yueOHO-METOAMYECKHE MaTepHallbl Ui CaMOCTOATENbHON paboThl 00yJaromuxcs
pa3MeIarTCs B COOTBETCTBUU C ICUCTBYIOIIMM MOPsAIKOM Ha cTpaHulle quciuruimasl B TYUC!

10



PABPABOTYMUK:

I'onuapoBa Oxcana

JlouieHT BrnagumupoBHa
Jonocnocms, BYIT Tloonuce Damunus 1. 0.
PYKOBOJ/JUTEJIb BYII:
[Taknenn Bukrop
3aBenyromuii kadeapoit MuxaitnoBuu
Jonoscnocms BYIT Tloonuce Damunus U.0.
PYKOBOJUTEJIb OII BO:
AunekcansipoBa OkcaHa
JloeHT HBanoBHa
Honxcnocmo, BYITT Ioonuce Damunus U.0.
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